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When DeepSeek Al released its R1
paper in January 2025 that revealed a

model rivaling OpenAT’s o1 for far less compute, media
narratives were dominated by two misconceptions.
First, that the Chinese company’s breakthroughs were
the result of Chinese researchers who could imitate

but not innovate; and second, that the research team
was young, green, and generally not highly cited in the
computer science field. Our 2025 report, “A Deep Peck

into DeepSeek Al’s Talent and Implications for US
Innovation,” extensively examined the 223 researchers
behind the company’s five foundational papers and
found a very different picture.

We found that DeepSeck did innovate in significant
ways, that its research team was far more experienced
than most assumed, and that more than half of the
team had never left China for school or work. Together,
the findings pointed to a domestic Al talent pipeline

in China that is larger and more capable than the
prevailing narrative allowed. They also suggested that
any U.S. strategy built on the assumption that China
lacks the talent or know-how to surpass the U.S. on its

own was already out of step with the evidence.

We argued then that the United States needs to
compete much more aggressively to attract, welcome,
and retain the world’s best and brightest while urgently
growing domestic capabilities by improving K12 and
higher education in STEM fields at home.

This report asks how much has changed in the year
since. We extended our analysis from five to seven
papers—adding DeepSeek V3.2 (December 2025) and
V4 (April 2026) to incorporate the company’s latest
research. By expanding our original dataset, we find the
author pool has grown from 223 to 356 and we were
able to build comprehensive profiles tracking where
they studied, lived, and worked for 282 of them.
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“.. a third of the most integral
contributors to a Chinese
model performing comparably
to OpenAl’s ol model never
trained, published, or worked
in an international research
environment.”

China’s domestic Al talent pipeline is still
going strong

* The share of DeepSeek Al researchers afhliated
exclusively with Chinese institutions throughout

their recorded careers stands at 53.5 percent.

* Ten of the 31 Key Team members—researchers
listed on all seven DeepSeck Al papers published
in the last two years—are also affiliated exclusively
with Chinese institutions, meaning a third of
the most integral contributors to a Chinese
model performing comparably to OpenAT’s 01
model never trained, published, or worked in an

international research environment.

New and better data reveals longer U.S.
training periods, especially for top talent

A year ago, 63.3 percent of the U.S.-affiliated cohort
had recorded only a single year of U.S. experience. That
figure is now 35 percent, with nearly half in the 2- to
4- year range. This shift reflects both new DeepSeek
talent and improved data about the original cohort

we examined last year. Notably, the 141 net new
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contributors to DeepSeek Papers 6 and 7 in 2026 are

a more internationally mobile cohort than the original
223 that contributed to papers in 2025. In addition, we
found that OpenAlex’s affiliation coverage has improved
across the board, surfacing prior U.S. positions for
researchers we tracked last year that were not yet in the

database when we ran our original queries.

The picture emerging from both the new researchers and
our improved data is not of brief, exchange-style visits to
the U.S., but of meaningful embedding in U.S. research
environments followed by a return rate of 70.2 percent

among internationally mobile DeepSeck contributors.

* Longer U.S. exposure did not produce higher
retention. The 13 long-stay researchers in this
dataset spent a combined 119+ recorded years

at U.S. institutions, and most of them are now

in China.

* Although nine of the 13 longest-stay researchers
eventually returned to China, they did not
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simply land in the U.S. stay for many years and
then return to China. Instead, they made many

international transitions over many years.

The 80 DeepSeek Al researchers with any U.S.
institutional affiliation are, on average, the most
academically accomplished in the pool, and a
meaningful share of them spent five or more
years embedded in U.S. institutions before

returning to China.

The implication is, at best, uncomfortable. Knowledge
that has already moved with these researchers cannot be
recovered by tightening visa policy or export controls
going forward. Restricting future access addresses one
talent problem but leaves the second untouched. The
domestic Chinese pipeline is now producing frontier-
model contributors without much U.S. or international
exposure. At the same time, prior U.S. exposure
continues to pay dividends to Chinese Al firms at the
frontier. The 2026 data shows clearly that the United

States is facing both problems simultaneously.
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“.. the domestic Chinese pipeline is now producing frontier-mode/
contributors without much U.S. or international exposure. At the
same time, prior U.S. exposure continues to pay dividends to

Chinese Al firms at the frontier.”

Methodology

Full methodological details are in our original report.

Briefly, we identified the research and engineering
contributors across DeepSeek’s seven papers, drawn from
arXiv (2024-2025) and Hugging Face (April 2026).

Of the 356 named authors, 282 had usable profiles

in OpenAlex, which we queried in April 2026 for
publication records, citation metrics, and institutional
affiliation histories dating back to 1989 , the earliest year
for which OpenAlex carries usable affiliation records

for any researcher in this cohort. We then used Python
to map each researcher’s complete institutional history,

allowing us to track cross-border mobility.

Unlike our previous analysis, which counted all named
contributors across each paper, this analysis restricts its
scope to those identified on research and engineering

teams. We believe this methodological change focuses
more centrally on research contributions and will

enable better longitudinal analysis in the future.

Where papers distinguished contributor roles, ‘data
annotation’, ‘business’, and ‘compliance’ contributors
were excluded because they fall outside the population
of researchers most relevant to understanding talent
competition dynamics in Al. Where papers did not
distinguish roles, all listed contributors were included.
Full per-paper counts, including excluded contributor
totals, can be found in Appendix B, Table 1.
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A Bigger Team, Same Structure

A total of 356 people were identified as research and
engineering contributors across DeepSeeK’s seven papers,
up from the 223 identified in our last analysis. The 57
percent expansion in a single year is large in absolute
terms and large relative to the team’s prior trajectory:

the first five papers covered roughly two years and added
researchers steadily. The last two papers added roughly
141 net new contributors in 14 months.! Departures
over that same window total 33 contributors (eight from

Paper 6, 10 from Paper 7, with the rest concentrated in
Papers 4 and 5), meaning DeepSeck brought in over four

researchers for every one that it lost.

We find, again, that 31 researchers (just under nine
percent) contributed to all seven papers, which we refer
to as the “Key Team”. Another 47 authors appeared on
six papers, 17 on five, 41 on four, 5 on three, 79 on

two, and 136 on just one (see Figure 1).

Figure 1: Authorship Distribution Across DeepSeek Papers
Authorship Distribution of 356 Contributors Across the Seven Most Recent DeepSeek Al papers
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1 The 223-author total from last year’s report included data annotation, business, and compliance contributors. Restricting to research and

engineering, last year’s comparable count was 215. The growth figures here are calculated against 215, not 223.
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The persistent shape of this distribution in 2025 and
2026 suggests something specific about how DeepSeek
organizes research labor. Occasional contributors cluster
at the edges: 215 researchers (roughly two-thirds of the
pool) appear on only one or two papers. The middle
drops out almost entirely. Researchers who move past
two papers tend to keep going, while those who don’t
stop early. That pattern is consistent with a two-track
workforce: track one being a large rotating cast of
contributors pulled in for specific model releases, and
track two being a committed core that ships everything.
The 31-person Key Team and the 47 six-paper
contributors are on one track, and the 215 one- and
two-paper contributors are on the other. The three to

five paper tier is thin because it is the outlier.
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Figure 2 cuts the same population three ways: the

Key Team (all included papers), the middle tier
(contributed to more than one but less than all), and
one-paper contributors. Between 2025 and 2026, the
Key Team held flat at 31 in absolute terms but shrank
as a share of the pool from 13.9 percent to 8.7 percent.
The middle tier grew from 169 contributors to 189.

The one-paper group grew from 23 to 130, representing
a near sixfold increase, and a jump from 10.3 percent of
the pool to 38.2 percent.

Of the 141 new researchers added between the 2025
and 2026 datasets, 71 entered as one-paper contributors,
and the other 70 entered the middle-tier directly by
appearing on both Papers 6 and 7. This suggests that

Figure 2: Change in Authorship Distribution of DeepSeek Al Researchers, 2025-2026

Share of authors contributing to one, some, or all papers in 2025 and in 2026, with one-hit wonders rising from 10% to 38%
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DeepSeek’s two-track structure has strengthened over the  only absent on Paper 3 (VCoder 2). Combined with

past year, with the company’s growth coming entirely the 31 who appear on all seven, this suggests Paper
from the rotating-cast side of its workforce, while the 3 drew on a narrower specialist team that did not
committed core stays the same size. overlap fully with the main model development track,

consistent with VCoder 2’s more focused scope relative
One additional pattern worth noting is that 43 to the flagship V-series releases.

researchers appear on Papers 1, 2, 4, 5, 6, and 7, each

CHINA'S DOMESTIC Al TALENT
PIPELINE — ONE YEAR LATER

Our original analysis covered 201 DeepSeck authors up from 24.4 percent in our original analysis.
with known affiliation data. Our new dataset extends

that analysis to cover 271 authors who had institutional =~ The current snapshot tells much the same story as a

affiliation records—out of a grand total of 356. year ago (Figure 3). Of the 271 authors with known
affiliations, 229 (84.5 percent) are currently afhliated
The core finding from last year holds. China has a with Chinese institutions and 18 (6.64 percent) are
robust, and growing, domestic Al talent pipeline. currently at U.S.-based institutions. The rest are
Just over half—53.5 percent, or 145 authors—have distributed across the United Kingdom, Taiwan, Japan,
been affiliated exclusively with Chinese institutions Singapore, and a handful of other countries, none
throughout their recorded careers, never holding a exceeding 1.5 percent.
position or academic post outside China, down only
slightly from 55.2 percent in our original analysis.? The composition of the 18 currently in the U.S. is less
We also found again that nearly all of the DeepSeek concentrated than last year’s report suggested. Carnegie
researchers (97 percent in the expanded dataset) have Mellon, UC Berkeley, the University of Pennsylvania,
held at least one confirmed affiliation with a Chinese UT Austin, Purdue, and Stony Brook are represented,
institution at some point in their careers. as is UT Southwestern Medical Center. The rest include
Abraham Baldwin Agricultural College in Georgia, King
The share of authors with any U.S. affiliation has also University in Tennessee, Framingham State University
grown. 29.5 percent of authors in the current sample in Massachusetts, and two small private companies,
(n=80) have held a U.S. institutional tie at some point, Intelligent Automation and Scientific Methods, indicating

2 As we noted in last year’s analysis, not every researcher with an OpenAlex profile has a fully cataloged career history. The gap between 282
and 271 reflects authors whose profiles exist but whose institutional affiliation records are missing.

3 This figure includes those who have been affiliated with Hong Kong SAR and Taiwan.
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that the U.S.-affiliated tail of DeepSeek’s author network
includes several peripheral contributors rather than a

concentrated presence at elite Al research institutions.

Seven authors in the expanded dataset have no recorded
affiliation with any Chinese institution at all. Three are
exclusively U.S.-affiliated: Panpan Huang, whose only
recorded afhliation is Purdue University West Lafayette
in 2017; Jiewen Hu, who spent six years at Virginia
Tech with a year at Apple in between, and is now at
Carnegie Mellon; and Ruiling Xu, who trained at the
University of Pennsylvania before moving to California
University of Pennsylvania, where they remain. Two
others split between the U.S. and one other country:
Yifan Ding, who has spent most of their recorded career
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at the University of Notre Dame with a brief stop at
Amazon Germany; and Erhang Li, whose recorded
affiliations span Intel’s U.S. and U.K. offices.

The remaining two trained entirely outside both

China and the U.S.: Yuduan Wang, who studied at

the National University of Singapore and is currently
affiliated with the National University Cancer Institute
there; and Zizheng Pan, whose career has been at the
University of Adelaide and Monash University in
Australia. Y.Q. Wang, who appeared in this category in
our original analysis, now shows a Chinese institutional
affiliation at the ‘Institute of High Energy Physics’ in
the updated data.

Figure 3: Geographic Distribution of Current Institution Affiliations
Distribution of ‘Current Affiliations’ of the 271 DeepSeek Al Researchers with Affiliation Data
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United States 6.64%
United Kingdom 1.48%
S Taiwan []111%
]
& Japan [1111%
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Box 1: Where The New Researchers Have Been

Of the 141 brand-new researchers in this year’s dataset, 69 had resolvable OpenAlex profiles, 68 had af-
filiation data, and 18 of those 68 (26 percent) had at least one U.S. affiliation past or present. That rate
is essentially the same as the full author pool’s 29 percent, suggesting DeepSeek’s recent hiring has not
skewed more or less toward U.S.-trained researchers than its earlier hires. The 18 researchers spread
across 37 U.S. institutions (see Table 1).

Only Carnegie Mellon and UT Southwestern Medical Center host more than one new contributor. Every
other institution in Table 1 represents a single researcher’s career stop. The variation is in how long
those single researchers stayed. One new contributor recorded eight years at Baylor College of Med-
icine, another six at Virginia Tech, another five at Beth Israel Deaconess Hospital. These high affilia-
tion-year counts reflect long single-researcher embeddings rather than institutional pipelines hosting
multiple DeepSeek-bound researchers.

Table 1 - U.S. Institutions where the new cohort of DeepSeek Al researchers have trained.

No. Authors Institution City State

2 Carnegie Mellon University* Pittsburgh Pennsylvania
2 The University of Texas Southwestern Medical Center* Dallas Texas

1 Alcoa Pittsburgh Pennsylvania

1 Apple Cupertino California

1 Arconic Pittsburgh Pennsylvania

1 Auburn University Auburn Alabama

1 Baylor College of Medicine Houston Texas

1 Beth Israel Deaconess Hospital Boston Massachusetts
1 California University of Pennsylvania* California Pennsylvania

1 Child Mind Institute New York New York

1 Children’s Cancer Center Tampa Florida

1 Dana-Farber Cancer Institute Boston Massachusetts
1 Entrepreneurial Ecosystems Lincoln Nebraska

1 Framingham State University* Framingham Massachusetts
1 Fred Hutch Cancer Center Seattle Washington

1 Howard Hughes Medical Institute Chevy Chase Maryland

1 International Craniofacial Institute Dallas Texas

1 Lehigh University Bethlehem Pennsylvania

1 Mars MclLean Virginia

1 Massachusetts Institute of Technology Cambridge Massachusetts
1 Penn State Milton S. Hershey Medical Center Hershey Pennsylvania

1 Renal Research Institute New York New York

1 Rockefeller University New York New York

1 Seattle University Seattle Washington

EERETIRE WWW.ipoipo.cn
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Box 1: Where The New Researchers Have Been (cont’d)

Table 1 - U.S. Institutions where the new cohort of DeepSeek Al researchers have trained. (cont’d)

No. Authors Institution City State

1 Stanford University Stanford California

1 Target Minneapolis Minnesota

1 The University of Texas Health Science Center at Houston Houston Texas

1 The University of Texas MD Anderson Cancer Center Houston Texas

1 University of California, Berkeley* Berkeley California

1 University of California, Davis Davis California

1 University of California, San Diego La Jolla California

1 University of Delaware Newark Delaware

1 University of Notre Dame* Notre Dame Indiana

1 University of Oklahoma Norman Oklahoma

1 University of Pennsylvania Philadelphia Pennsylvania
1 University of Southern California Los Angeles California

1 Virginia Tech Blacksburg Virginia

1 Yale University New Haven Connecticut

n
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HOW THE US-CHINA PIPELINE
ACTUALLY MOVES

Of the 80 DeepSeck researchers with any U.S. The 13 long-stay researchers include some of the most
institutional affiliation, the largest revision from our academically accomplished in the entire dataset. Minghua
original analysis appears in the duration data (see Zhang, currently at Stony Brook University in the
Figure 4). Last year’s dataset recorded 63.3 percent of United States, has 28 recorded years of U.S. affiliations
the 49 US-afhliated researchers as having only a single and nearly 30,000 career citations. Chen Dong, whose
year of U.S. experience. In the expanded dataset, the 51,823 citations and h-index of 112 account for a
equivalent share is 35 percent (n=28). Nearly half— disproportionate share of the U.S.-affiliated cohort’s

48.8 percent (n=39)—now fall in the 2—4-year range, citation totals, spent 12 years across three U.S. stays and
and 16.3 percent (n=13) spent five or more years at remains U.S.-based at Framingham State University.

U.S. institutions. On the other hand, Songyang Zhou’s 18-year U.S. run

through Beth Israel Deaconess, Rockefeller, MIT, Baylor
Figure 4: U.S. Experience Duration College of Medicine, and UC San Diego ended in their
U.S. Experience Duration for the 80 DeepSeek Researchers return to China to Hainan Medical Ul’liVCI‘Sity.
with U.S. Affiliations
Notably, what sets these 13 careers apart is how rarely
they look like a single embedding followed by a clean

5+ Years
13 (16.3%)

return. Nine of the 13 made more than one international
1 Year transition. Lei Xu’s record runs through U.S. institutions,
28 (35.0%) then the U.K., then Brunei, before settling back in
China. Minghui Tang’s includes Japan and the U.K.
between U.S. and Chinese stays, with a return through

Tsinghua. B. Zhang began in Sweden before alternating
2-4 Years

39 (48.8%) between U.S. and Chinese affiliations. For this group,

U.S. institutions sit inside sustained transnational careers
rather than serving as one-shot credentialing stops. The
directional weight is important, but not absolute: eight
of the 13 ended in China and only five in the U.S., and

length of U.S. exposure does not predict the outcome.

This new data revises last year’s read of the U.S. as a Minghua Zhang’s 28 years and Tongzheng Ren’s five
mere stepping stone for elite Chinese Al researchers. years both ended in the U.S.; Songyang Zhou’s 18 years
A meaningful subset of DeepSeek’s most cited and Ruoyu Zhangs six years both ended in China.
contributors had longer, formative stays in the United

States. For them, the U.S. is still a step, but a much The broader trajectory data tells a similar story to
bigger one than we reported last year. last year (see Figure 5). Among the 80 US-afhliated

2
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researchers, the most common mobility pattern is after time abroad, ended up there, contributing to

China = U.S. = China: 38.8 percent (n=31) started

and ended in China, with U.S. experience in between.

an unprecedented retention rate of 70.3 percent of
international mobile contributors.

The second largest group, 23.8 percent (n=19), started
in the United States and ended up in China. Only 10

researchers (12.5 percent) followed the China = U.S.

— stayed in the U.S. path, down from 14.2 percent

The geographic distribution of U.S. institutions in the
expanded dataset is wider than last year’s (see Figure 7).
The 80 researchers connect to 113 U.S. institutions,

in our original analysis, and only five researchers (6.2 with clusters in California, Texas, New York, and the
percent) started and ended in the United States with Boston-to-DC corridor. Interestingly, there is a much
international travel in between. more significant representation in the Midwest and
South than last time. As in our original analysis, no
Figure 5: U.S. Retention Rate single institution dominates, but Microsoft leads with

Full Retention Data for the 80 DeepSeek Researchers with
U.S. Affiliations

seven total affiliated researchers across the network,
consistent with the MSRA pipeline; Columbia,

Only Affiiated with United States Carnegie Mellon, and Stanford each have four or five.
3 (3.8%) Started in United States,
Ended in United States

5 (6.3%)

For a full list of U.S. institutions and the number of
authors affiliated with each, see Appendix B, Table 2.

Started in China,
Ended in United States
10 (12.5%)

Figure 6: Overall Retention Rate
Started in United

States, Ended Abroad Full Retention Data for the 271 DeepSeek Researchers with
4 (5.0%) Affiliation Data

Started in China,
Ended in China

31(38.8%)

— Started in China,
Ended Abroad Started in United States,  Started in China, Ended in
1(1.3%) Ended in United States United States

5 (1.8%) 10 (3.7%)

S
Started Abroad,
Ended in China

7 (8.8% Only Affiliated with
¢ ? United States

3 (11%)

Started in United
States, Ended
China

Started in United States,
Ended Abroad

1(0.4%)

19 (23.8%)

Started in China,
Ended Abroad

20 (7.4%)

Only Affiliated
with Abroad

. . 2 (0.7%
The overall retention picture across all 282 authors 7%
Started Abroad,
Ended in China

reinforces this finding (see Figure 6). The single largest
mobility category (excluding researchers who have
only ever been affiliated with Chinese institutions) is
contributors who started and ended in China with
some international travel in between: 53 authors

or 19.6 percent of the pool. Taken together, the
trajectories that end up outside China account for
roughly 15.13 percent of the full author pool. The rest,
whether they stayed in China throughout or returned

13 (4.8%)

Only Affiliated

with China

14 .5% ——Started in United
> (539 States, Ended in
China

Started in China, 19 (7.0%)

Ended in China

53 (19.6%)

3
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Figure 7: Geographic Distribution of US Institutions Affiliated with DeepSeek Al Researchers

These patterns complicate a policy debate that has
tended to treat talent flows as a pipeline problem,

one that better visa policy or stronger export controls
might redirect. A year ago, we described American
institutions as stepping stones, or places that equipped
elite researchers with skills and credentials that were
ultimately reinvested into China’s Al ecosystem. The
fuller 2026 data reframes that finding.

Some U.S. stays were short and instrumental,
consistent with the stepping-stone description. But

a significant share were longer than we previously
documented, sometimes a decade or more, and the
return rate did not decline with longer exposure. That is

closer to brain gain for China than to brain circulation.

The 13 long-stay researchers in this dataset spent a
combined 119+ recorded years at U.S. institutions, and

most of them are now in China.

“The 13 long-stay researchers in
this dataset spent a combined
119+ recorded years at U.S.
institutions, and most of them
are now in China.”

14
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Further, of the 25 researchers across the full dataset
who began their recorded careers in the United States,
19 (76 percent) ended up in China, and one ended
up elsewhere abroad. The nine long-stay researchers
who spent between five and eighteen years embedded
in American institutions but ultimately returned, did
so at roughly the same rate as the rest, meaning longer
exposure did not produce higher retention. Songyang
Zhou’s 18 years in the United States and Guanting
Chen’s three years both ended in China.
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This new data proves not only that China has developed
its own researchers, but it has also been successfully
recovering researchers who had trained in the United
States, sometimes for over a decade, and who returned
carrying methods, networks, and credentials built

inside the American research system.

A DEEPER DIVE INTO
INSTITUTIONAL AFFILIATIONS

The 282 authors in the expanded dataset connect to
812 unique institutions across their recorded careers,
up from 499 last year. Chinese institutions account
for 570 of those, or 70.2 percent of the total — down
slightly from 74 percent in our original analysis.

U.S. institutions account for 113 (13.9 percent). The
remaining 129 are spread across the UK, Australia,

Taiwan, Canada, Japan, and elsewhere.

The Chinese Academy of Sciences again has the
broadest reach in the network. CAS directly hosts

only four of the 282 authors, but its 170 afhiliated
institutions — research institutes, laboratories,

and specialized centers that OpenAlex classifies as
organizational children of CAS — connect to 104
researchers in total, about 37 percent of the full author
pool. That figure has doubled from 53 a year ago, the
largest absolute year-over-year gain of any institution in
the dataset.

Outside the CAS network, the comparison with last
year sharpens the institutional picture (see Table 2).
Tsinghua University leads with 46 afliliated researchers,
up from 16, representing a near 200 percent increase.
Similarly, Peking University moved from 21 to 29,
Zhejiang from 8 to 25, and the University of Chinese
Academy of Sciences from 7 to 21.

Several institutions that were marginal in 2025 are
now in the top tier: Southeast University grew from

1 afhiliated researcher to 15, Beihang from 3 to 14,
Lanzhou from 0 to 10, and Northeastern University
(China) and Guangzhou Medical University each from
1 to 10. Two institutions moved the other way. Sun
Yat-sen dropped from 10 to 4 and Tongji from seven
to five, though both drops may be a result of how
OpenAlex re-attributed how those affiliations rolled up

to parent institutions elsewhere in the dataset.
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Institution 2025 2026 Change
Chinese Academy of Sciences (network) 53 104 +51
Tsinghua University 16 46 +30
Zhejiang University 8 25 +17
University of Chinese Academy of Sciences 7 21 +14
Southeast University 1 15 +14
Beihang University 3 14 +11
Lanzhou University (e} 10 +10
Northeastern University (China) 1 10 +9
Guangzhou Medical University 1 10 +9
Peking University 21 29 +8
Nanjing University 10 16 +6
Huazhong University of Science and Technology n +6
Xi'an Jiaotong University 10 +6
Shanghai Jiao Tong University 13 +5
Tongji University -2
Sun Yat-sen University 10 4 -6
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THE “JUNIOR TALENT” NARRATIVE,
ONE YEAR LATER

A year ago, the prevailing narrative was that DeepSeek’s R1 Key Team are authors on all of them. The bibliometric
model succeeded on the back of fresh PhD graduates with shift is, in that sense, a measure of how quickly the field
little applied experience. Liang Wenfeng, DeepSeek’s CEO,  absorbed DeepSeek’s 2025 output.

had said as much himself, telling interviewers that core

technical positions were mostly filled by researchers with The expanded dataset also allows us to isolate a group we

one to two years of work experience, and that DeepSeek could not cleanly analyze before: the 80 DeepSeck authors

recruited for “passion and curiosity” over credentials.* with any past or current U.S. institutional affiliation. They
average 131 published works, 4,108 citations, and an

Our original analysis pushed back on this account. We h-index of 21.26—more than double the full pool’s citation

found that DeepSeek’s Key Team averaged 1554 citations average and well above even the Key Team’s. Median

per author with a median h-index of 10. That is not a citations sit at 1,452, against 681 for the full pool. By every

picture of inexperience. A year later, the numbers have metric, this is the most academically accomplished cohort.

moved further in the same direction.

This strength becomes even more apparent when

Across the full author pool, average citations rose from compared to a peer group from one of the world’s leading
roughly 1,000 to 1,763, and the median more than Al labs. The same U.S. lab analysis mentioned above
doubled, from 249 to 681 — meaning the whole shows OpenAl’s pool of 894 authors has an average
distribution shifted upward, not just the tail. The i10-index,  citation count of 2,481.5, but a median of just 100.5,
which counts an author’s papers with at least 10 citations, indicating a steep drop-off beyond a few highly cited
moved more modestly: the average grew from just over 19 individuals. Further, the group’s median h-index was only
to 22.55, and the median from five to seven. The h-index two, down from six in our previous reporting, and the
moved in a similar register, with the average rising from median i10-index is the same, reflecting more limited
10.8 to 12.46 and the median from seven to eight. consistency of impact for OpenAl. This pattern recurs

for both Anthropic and Alphabet, whose median citation
A more striking change in metrics comes from the Key counts are only 15 percent and 20 percent of their
team. The 31 authors now average 2,470 citations, up averages, respectively. DeepSeek’s is 35 percent.
from 1,554 a year ago and representing a 59 percent
increase. Median citations rose from roughly 700 to In our 2025 ‘Deep Peek’ paper, we described DeepSeek’s
1,200, the average h-index from 13.5 to 17, the median bibliometric profile as more comparatively balanced and
h-index from 10 to 12, and the i10-index average reached less reliant on a small number of standout figures than its
33.84. Much of this jump traces back to the DeepSeek American counterparts. A year later, this characterization
papers themselves: R1, V3, and V2 have accumulated holds for the full author pool, the Key Team, and the group

thousands of citations each since our last analysis, and the  of authors with U.S. affiliations.

4 Tony Peng, “The Deep Roots of DeepSeek: How It All Began,” Recode China Al (blog), January 27, 2025, https:/www.recodechinaai.com/p
the-deep-roots-of-deepseek-how-it; Jordan Schneider et al., “Deepseek: The Quiet Giant Leading China’s Al Race,” ChinaTalk (blog), November
27, 2024, https:/www.chinatalk.media/p/deepseek-ceo-interview-with-chinas.

Iﬁgﬁﬁﬁlﬁﬁi WWW.ipoipo. cn:_



http://ipoipo.cn/

Stanford

University

i) HOOVER

INSTITUTION

HIA

Stanford University
Human-Centered
Artificial Intelligence

White Paper
Update: DeepSeek Al and
the Great Talent Competition

THE KEY TEAM REVISITED

In last year’s report, we examined in depth DeepSeek’s
Key Team—the 31 researchers whose names appeared
across all five foundational papers. This year’s query of
OpenAlex surfaced more complete data and revealed
three errors in the original count. Runxin Xu and
Yukun Li had appeared on all five papers but were

not matched to their full-name profiles, because some
papers recorded their names under initials (R. X. Xu
and Y. K. Li, respectively). Yanhong Xu, by contrast,
was listed last year but turns out not to have been on
Paper 3, which means they should not have been on
the all-papers count to begin with. Net of those three
corrections, the 2025 Key Team should have totaled 32,
not 31.

Extending the analysis to seven papers tightens the Key
Team list further. Fuli Luo left DeepSeck after Paper 5
and is absent from Papers 6 and 7, dropping one from
the all-papers count in 2025. Resultantly, the Key Team
in 2026 holds at 31, but the names behind that number
are not quite the same. For a full list of 2026 Key Team

members across all seven papers, see Appendix C.

Of the 31 Key Team members, OpenAlex returns
afliliation data for 28 of them. Eighteen have held at
least one position outside China during their recorded
careers, meaning that 10 Key Team researchers, or

roughly 36 percent of them, never left China.

Eleven of the 18 internationally mobile Key Team
members spent time at U.S. institutions, but most
spent only one or two years there. Zhihong Shao’s four
years at the University of Michigan is the longest single
U.S. stay; Qihao Zhu spent a year at Carnegie Mellon,
Zhenda Xie two years at Columbia, and Runxin

Xu a year at Ohio State before returning through

Imperial College London on their way back to China.
Additionally, the timing for most of these researchers—
mid-career rather than at the start—points to visiting
researcher or postdoctoral appointments rather than
degree-seeking, consistent with targeted knowledge
acquisition rather than emigration.

The seven internationally mobile Key Team members
without U.S. affiliations followed different routes. Daya
Guo spent three years at Microsoft Research UK and

a German university before returning to Sun Yat-sen.
Damai Dai did a year at Microsoft Research India.

Kai Dong has rotated between China, Canada, Italy,
and Finland, and is currently based at the University

of Oulu. Wenjun Gao has affiliations in Singapore,
Denmark, and Hong Kong.

Taken together, this trajectory data suggests again

that international experience for this cohort was

brief, targeted, and almost universally followed by a
return to China. In this context, the United States
appears less as a destination than as one node among
several, interchangeable, for some researchers, with
Microsoft Research India or the Technical University
of Denmark. The Key Team thus becomes a story of a
domestic research base that selectively absorbed outside
experience and then reconverged, rather than one of

global recruitment.
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TWO TALENT PROBLEMS,
ONE POLICY DEBATE

A year ago, we framed the geopolitical implications of
DeepSeek Al’s talent pool around a single proposition:
the United States can no longer assume a permanent
talent advantage. The updated data suggests the U.S.

faces two separate talent challenges, not one.

The first challenge is retaining China’s top talent in the
United States. The 80 researchers who passed through
U.S. institutions are the most accomplished group in
DeepSeek’s author pool. They average 4,108 citations
and a median h-index of 16.5. Most of them are now
in China. Key Team members who went to the U.S.
typically stayed one or two years. The highest-cited
contributors outside the Key Team stayed much longer,
sometimes more than a decade. Both groups returned
to China at roughly the same rate. Length of exposure

did not change the outcome.

The second challenge is the growing independence
of China’s Al talent supply chain. Ten of the 31 Key
Team members have no recorded affiliation outside
China. Across the full author pool, 145 researchers,
or 53.5 percent, have never held a position outside
China. These researchers contributed to a model that
performed comparably to OpenAl ol on reasoning
benchmarks. They did not train in the United States,
work at U.S. labs, or publish from U.S. institutions.

Visa policy changes can address the first challenge,

but researchers who never came to the United States

are not reachable by rules about coming to the United
States. A policy debate focused only on whether to

enable Chinese talent to come to the U.S. and remain
here does not address China’s growing domestic talent

supply chain.

Improving retention of Chinese talent in the United
States is the more tractable of the two. Among
DeepSeek’s contributors with any U.S. affiliation,
70.3 percent of the internationally mobile ones
ultimately ended up in China. U.S. policy currently
treats that figure as a fixed feature of the landscape
rather than the variable it is. Green-card backlogs,
post-PhD visa uncertainty, and the absence of clear
long-term pathways for STEM researchers to remain
in the United States instead of returning to their home
countries are all crucial parts of the talent retention

problem, and all are addressable.

We should not assume Chinese researchers leave the
U.S. because they want to. Many may return to China
because they have to: the U.S. visa system makes it too
difficult, costly, and uncertain to remain. A Chinese
researcher who files for an employment-based green
card today can expect to wait close to five years before
a visa number even comes up, and that line is getting
longer, not shorter.” Meanwhile, a new $100,000 fee on
each H-1B petition and a reweighted lottery favoring
high salaries push postdocs and recent PhDs to the
back of the line.®

5 U.S. Department of State, “Visa Bulletin For June 2026,” Travel.State.Gov, accessed May 28, 2026, https://travel.state.gov/content/travel/en

legal/visa-lawO/visa-bulletin/2026/visa-bulletin-for-june-2026.html

6 The White House, “Restriction on Entry of Certain Nonimmigrant Workers,” Presidential Actions, September 19, 2025, https:/www.whitehouse.
gov/presidential-actions/2025/09/restriction-on-entry-of-certain-nonimmigrant-workers/; U.S. Citizenship and Immigration Services, “DHS

Changes Process for Awarding H-1B Work Visas to Better Protect American Workers,” USC/S, December 23, 2025, https:/www.uscis.gov,
newsroom/news-releases/dhs-changes-process-for-awarding-h-1b-work-visas-to-better-protect-american-workers
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The competitive position of the U.S. research system is
another important factor. A decade ago, elite Chinese
researchers with international ambitions had few
credible alternatives to U.S. institutions. The DeepSeek
data shows that has changed. Microsoft Research India,
the National University of Singapore, and University
College London appear in trajectories where U.S.

institutions once would have.

China’s growing domestic Al talent supply chain is

far harder to address. The 10 Key Team members

who never left China contributed to a frontier

model without any U.S. exposure. So, too, did 145
contributors in the full cohort. Understanding what
Chinese institutions are doing to produce researchers
of this caliber at scale, and how U.S. K-12 and higher
education in computer science and other STEM

fields would need to change to produce comparable

outcomes, is the longer-horizon question.

A year ago, the DeepSeck findings were already enough
to unsettle the assumption that the United States held
a durable lead in Al talent. The 2026 data goes further.
It shows a Chinese Al workforce that is growing fast
and increasingly producing frontier-model contributors
without routing them through American institutions

during their careers as much as they once did.

None of these patterns are likely to reverse quickly

or without concerted policy changes. The question is
no longer whether the United States can maintain a
permanent talent advantage. The question is whether

it can compete on the terms the data now describes,
which means treating the comparative advantage of
U.S. research institutions as something to be earned
rather than assumed, and treating the domestic Chinese

pipeline as a development to be acknowledged.
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Appendix A: DeepSeek Research
Papers (2024-2026)

The following seven papers released by DeepSeck Al between January 2024 and April 2026 formed the basis for our

institutional and author-trajectory analysis:

1. DeepSeek LLM: Scaling Open-Source Language Models with Longtermism
arXiv:2401.02954 — January 2024

Full Abstract: The rapid development of open-source large language models (LLMs) has been truly remarkable.
However, the scaling law described in previous literature presents varying conclusions, which casts a dark
cloud over the scaling of LLMs. We delve into the study of scaling laws and present our distinctive findings
that facilitate scaling of large-scale models in two commonly used open-source configurations, 7B and 67B.
Guided by the scaling laws, we introduce DeepSeek LLM, a project dedicated to advancing open-source
language models with a long-term perspective. To support the pretraining phase, we have developed a dataset
that currently consists of two trillion tokens and is continuously expanding. We further conduct supervised
fine-tuning (SFT) and direct preference optimization (DPO) on DeepSeek LLM Base models, resulting in the
creation of DeepSeek Chat models. Our evaluation results demonstrate that DeepSeek LLM 67B surpasses
Llama-2 70B on various benchmarks, particularly in the domains of code, mathematics, and reasoning.
Furthermore, open-ended evaluations reveal that DeepSeek LLM 67B Chat exhibits superior performance
compared to GPT-3.5.

2. DeepSeek-V2: A Strong, Economical, and Efficient Mixture-of-Experts Language Model
arXiv:2405.04434 — May 2024

Full Abstract: We present DeepSeek-V2, a strong Mixture-of-Experts language model characterized by
economical training and efhicient inference. It comprises 236B total parameters, of which 21B are activated
for each token, and supports a context length of 128K tokens. DeepSeek-V2 adopts innovative architectures,
including Multi-head Latent Attention and DeepSeekMoE. MLA guarantees efhicient inference through
significantly compressing the Key-Value (KV) cache into a latent vector, while DeepSeekMoE enables
training strong models at an economical cost through sparse computation. Compared with DeepSeek 67B,
DeepSeek-V2 achieves significantly stronger performance, and meanwhile saves 42.5 percent of training
costs, reduces the KV cache by 93.3 percent, and boosts the maximum generation throughput to 5.76 times.
We pretrain DeepSeek-V2 on a high-quality and multisource corpus consisting of 8.1T tokens, and further
perform supervised fine-tuning and reinforcement learning (RL) to fully unlock its potential. Evaluation results
show that, even with only 21B activated parameters, DeepSeek-V2 and its chat versions still achieve top-tier

performance among open-source models.
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3. DeepSeek-Coder-V2: Breaking the Barrier of Closed-Source Models in Code Intelligence
arXiv:2406.11931 - June 2024

Full Abstract: We present DeepSeek-Coder-V2, an open-source Mixture-of-Experts code language model that
achieves performance comparable to GPT4-Turbo in code-specific tasks. Specifically, DeepSeek-Coder-V2 is
further pretrained from an intermediate checkpoint of DeepSeek-V2 with an additional six trillion tokens.
Through this continued pretraining, DeepSeek-Coder-V2 substantially enhances the coding and mathematical
reasoning capabilities of DeepSeek-V2, while maintaining comparable performance in general language tasks.
Compared to DeepSeck-Coder-33B, DeepSeek-Coder-V2 demonstrates significant advancements in various
aspects of code-related tasks as well as reasoning and general capabilities. Additionally, DeepSeek-Coder-V2
expands its support for programming languages from 86 to 338, while extending the context length from 16K
to 128K. In standard benchmark evaluations, DeepSeek-Coder-V2 achieves superior performance compared
to closed-source models such as GPT4-Turbo, Claude 3 Opus, and Gemini 1.5 Pro in coding and math
benchmarks.

4. DeepSeek-V3 Technical Report
arXiv:2412.19437 — December 2024

Full Abstract: We present DeepSeek-V3, a strong Mixture-of-Experts language model with 671B total
parameters with 37B activated for each token. To achieve efficient inference and cost-effective training,
DeepSeek-V3 adopts Multi-head Latent Attention and DeepSeekMoE architectures, which were thoroughly
validated in DeepSeek-V2. Furthermore, DeepSeek-V3 pioneers an auxiliary-loss-free strategy for load
balancing and sets a multitoken prediction training objective for stronger performance. We pretrain
DeepSeek-V3 on 14.8 trillion diverse and high-quality tokens, followed by supervised fine-tuning and
reinforcement learning stages to fully harness its capabilities. Comprehensive evaluations reveal that
DeepSeek-V3 outperforms other open-source models and achieves performance comparable to leading closed-
source models. Despite its excellent performance, DeepSeek-V3 requires only 2.788M H800 GPU hours for its
full training. In addition, its training process is remarkably stable. Throughout the entire training process, we

did not experience any irrecoverable loss spikes or perform any rollbacks. The model checkpoints are available at
this URL.

5. DeepSeek-R1: Incentivizing Reasoning Capability in LLMs via Reinforcement Learning
arXiv:2501.12948 — January 2025

Full Abstract: We introduce our first-generation reasoning models, DeepSeek-R1-Zero and DeepSeek-R1.
DeepSeek-R1-Zero, a model trained via large-scale reinforcement learning without supervised fine-tuning as a
preliminary step, demonstrates remarkable reasoning capabilities. Through RL, DeepSeek-R1-Zero naturally
emerges with numerous powerful and intriguing reasoning behaviors. However, it encounters challenges such as
poor readability and language mixing. To address these issues and further enhance reasoning performance, we
introduce DeepSeek-R1, which incorporates multistage training and cold-start data before RL. DeepSeek-R1

2
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7.

achieves performance comparable to OpenAl 01-1217 on reasoning tasks. To support the research community,
we open-source DeepSeek-R1-Zero, DeepSeek-R1, and six dense models (1.5B, 7B, 8B, 14B, 32B, 70B)
distilled from DeepSeek-R1 based on Qwen and Llama.

. DeepSeek-V3.2: Pushing the Frontier of Open Large Language Models

arXiv:2512.02556 — December 2025

Full Abstract: We introduce DeepSeek-V3.2, a model that harmonizes high computational efficiency with
superior reasoning and agent performance. The key technical breakthroughs of DeepSeek-V3.2 are as follows:
(1) DeepSeck Sparse Attention (DSA): We introduce DSA, an efficient attention mechanism that substantially
reduces computational complexity while preserving model performance in long-context scenarios. (2) Scalable
Reinforcement Learning Framework: By implementing a robust reinforcement learning protocol and scaling
post-training compute, DeepSeek-V3.2 performs comparably to GPT-5. Notably, our high-compute variant,
DeepSeek-V3.2-Speciale, surpasses GPT-5 and exhibits reasoning proficiency on par with Gemini-3.0-Pro,
achieving gold-medal performance in both the 2025 International Mathematical Olympiad (IMO) and the
International Olympiad in Informatics (IOI). (3) Large-Scale Agentic Task Synthesis Pipeline: To integrate
reasoning into tool-use scenarios, we developed a novel synthesis pipeline that systematically generates training
data at scale. This methodology facilitates scalable agentic post-training, yielding substantial improvements in

generalization and instruction-following robustness within complex, interactive environments.

DeepSeek-V4: Towards Highly Efficient Million-Token Context Intelligence
Link — April 2026

We present a preview version of the DeepSeek-V4 series, including two strong Mixture-of-Experts (MoE)
language models — DeepSeek-V4-Pro with 1.6T parameters (49B activated) and DeepSeek-V4-Flash with
284B parameters (13B activated) — both supporting a context length of one million tokens. DeepSeek-V4
series incorporates several key upgrades in architecture and optimization: (1) a hybrid attention architecture
that combines Compressed Sparse Attention (CSA) and Heavily Compressed Attention (HCA) to improve
long-context efficiency; (2) ManifoldConstrained Hyper-Connections (mHC) that enhance conventional
residual connections; (3) and the Muon optimizer for faster convergence and greater training stability. We
pre-train both models on more than 32T diverse and high-quality tokens, followed by a comprehensive post-
training pipeline that unlocks and further enhances their capabilities. DeepSeek-V4-ProMax, the maximum
reasoning effort mode of DeepSeek-V4-Pro, redefines the state-of-the-art for open models, outperforming its
predecessors in core tasks. Meanwhile, DeepSeek-V4 series is highly eflicient in long-context scenarios. In the
one-million-token context setting, DeepSeekV4-Pro requires only 27 percent of single-token inference FLOPs
and 10 percent of KV cache compared with DeepSeek-V3.2. This enables us to routinely support one-million-
token contexts, thereby making long-horizon tasks and further test-time scaling more feasible. The model

checkpoints are available at https://huggingface.co/collections/deepseck-ai/deepseek-v4.
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Appendix B: Additional Tables

Table 3 - Author Count and Contributor Annotations

In the previous analysis, contributor counts included all listed authors across each paper. Here, counts are
restricted to those identified on research and engineering teams. Data annotation, business, and compliance
contributors were excluded on the grounds that they are unlikely to hold publication profiles in the databases
we scanned and fall outside the population of researchers this analysis is tracking. The table below shows, for
each included paper, the total number of authors meeting that criterion, whether the paper distinguished a core

contributor tier, and if so, how many of those were included.

Paper Authors No. ‘Core’ No. Other No. Departed
LLM 86 - 53: Data Annotation (36), Compliance (7), Business (8), -
Design Team (2)
V2 107 - 51: Data Annotation (32), Business & Compliance (19) -
VCoder 2 39 4 - -
V3 150 - 49: Data Annotation (31), Business & Compliance (18) 10
R1 196 18 -
V3.2 212 - 51: Data Annotation (27), Business & Compliance (24) 8
V4 270 - 48: Business & Compliance (48) 10

Across the seven papers, 356 unique authors were identified. Of these, 282 had OpenAlex profiles available for
analysis. The 75 unresolved authors reflect in part the recency of Paper 7, released in mid-April 2026 and not yet
indexed in OpenAlex: 66 appeared solely on Paper 7, and six appeared only on Papers 6 and 7. The remaining
two, Fucong Dai and Xiangyue Jin, were unresolved in our first analysis as well.

24
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Table 4 - U.S. Institutions Affiliated with DeepSeek Researchers

The following list includes the 113 US-based academic, research, medical, and industry institutions where
DeepSeek authors have held prior or current affiliations. This includes both educational and professional

roles. Asterisk (*) indicates a current affiliation based on the most recent OpenAlex data.
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University of Notre Dame

Notre Dame

Indiana

No. Authors Institution City State

7 Microsoft (United States) Redmond Washington
5 Columbia University New York New York

4 Carnegie Mellon University* Pittsburgh Pennsylvania
4 Stanford University Stanford California

4 State University of New York Albany New York

3 Auburn University Auburn Alabama

3 The University of Texas at Austin* Austin Texas

3 University of California, Davis Davis California

2 Dana-Farber Cancer Institute Boston Massachusetts
2 Intel (United States) Santa Clara California

2 lowa State University Ames lowa

2 Johns Hopkins Medicine Baltimore Maryland

2 Johns Hopkins University Baltimore Maryland

2 Massachusetts Institute of Technology Cambridge Massachusetts
2 New York University New York New York

2 Northwestern Polytechnic University* Fremont California

2 The Ohio State University Columbus Ohio

2 The University of Texas Health Science Center at Houston Houston Texas

2 The University of Texas MD Anderson Cancer Center Houston Texas

2 The University of Texas Southwestern Medical Center* Dallas Texas

2 University at Buffalo, State University of New York Buffalo New York

2 University of California, San Diego La Jolla California

2 University of California, Berkeley* Berkeley California

2 University of Maryland, Baltimore Baltimore Maryland

2 University of North Carolina at Charlotte* Charlotte North Carolina
2

2

2

2

2

University of Pennsylvania* Philadelphia Pennsylvania
University of Southern California Los Angeles California
Veterans Health Administration Various Various
Virginia Tech Blacksburg Virginia

1 Abraham Baldwin Agricultural College* Tifton Georgia

1 Alcoa (United States) Pittsburgh Pennsylvania

1 Alibaba Group (United States) San Mateo California

1 Ames National Laboratory Ames lowa

EERETIRE WWW.ipoipo.cn
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Table 4 - US Institutions Affiliated with DeepSeek Researcher (cont’d)

No. Authors Institution City State

1 Apple (United States) Cupertino California

1 Applied Materials (United States) Santa Clara California

1 Arconic (United States) Pittsburgh Pennsylvania

1 Baylor College of Medicine Houston Texas

1 Beth Israel Deaconess Hospital Boston Massachusetts
1 Block Engineering (United States) Southborough Massachusetts
1 Boston Consulting Group (United States) Boston Massachusetts
1 California Institute of Technology Pasadena California

1 California University of Pennsylvania* California Pennsylvania

1 CAO Group (United States) West Jordan Utah

1 Capital University Bexley Ohio

1 Child Mind Institute New York New York

1 Children’s Cancer Center Tampa Florida

1 City College New York New York

1 Colorado State University Fort Collins Colorado

1 Cornell University Ithaca New York

1 Engineering Systems (United States) Omaha Nebraska

1 Entrepreneurial Ecosystems Lincoln Nebraska

1 Fairchild Semiconductor (United States) San Jose California

1 Framingham State University* Framingham Massachusetts
1 Fred Hutch Cancer Center Seattle Washington

1 Goodyear (United States) Akron Ohio

1 Google (United States) Mountain View California

1 Graduate School USA Washington D.C.

1 Helix (United States) San Mateo California

1 Howard Hughes Medical Institute Chevy Chase Maryland

1 Hunter College New York New York

1 lllumina (United States) San Diego California

1 Indiana University Melvin and Bren Simon Comprehensive Cancer Center Indianapolis Indiana

1 Intelligent Automation (United States)* Rockuville Maryland

1 International Craniofacial Institute Dallas Texas

1 John D. Dingell VA Medical Center Detroit Michigan

1 King University* Bristol Tennessee

1 Lehigh University Bethlehem Pennsylvania

1 Loyola University Medical Center Maywood Illinois

1 Mars (United States) McLean Virginia

1 MEI Research (United States) Edina Minnesota

1 Michigan State University East Lansing Michigan

1 Michigan Technological University Houghton Michigan

26
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Table 4 - US Institutions Affiliated with DeepSeek Researcher (cont’d)

No. Authors Institution

1 Mississippi State University Starkville Mississippi

1 National Institute of Diabetes and Digestive and Kidney Diseases Bethesda Maryland

1 New York Institute of Technology Old Westbury New York

1 North Carolina State University Raleigh North Carolina
1 Oklahoma State University, Oklahoma City Oklahoma City Oklahoma

1 Otterbein University Westerville Ohio

1 Penn State Milton S. Hershey Medical Center Hershey Pennsylvania
1 Public Health Dayton & Montgomery County Dayton Ohio

1 Purdue University, West Lafayette* West Lafayette Indiana

1 Renal Research Institute New York New York

1 Rockefeller University New York New York

1 S.PE.CIES. Ventura California

1 Scientific Methods (United States)* Granger Indiana

1 Seattle University Seattle Washington
1 Sidney Kimmel Comprehensive Cancer Center Baltimore Maryland

1 Southwest Florida Research Naples Florida

1 Stony Brook University* Stony Brook New York

1 Structural Integrity Associates (United States) San Jose California

1 Target (United States) Minneapolis Minnesota

1 The University of Texas at Arlington Arlington Texas

1 The University of Texas at San Antonio Health Science Center San Antonio Texas

1 Union University Jackson Tennessee

1 University of Baltimore* Baltimore Maryland

1 University of Chicago Chicago lllinois

1 University of Delaware Newark Delaware

1 University of Houston Houston Texas

1 University of Illinois Chicago Chicago lllinois

1 University of lllinois Urbana-Champaign Champaign lllinois

1 University of Kentucky Lexington Kentucky

1 University of Memphis* Memphis Tennessee

1 University of Michigan Ann Arbor Michigan

1 University of Minnesota Minneapolis Minnesota

1 University of Missouri Columbia Missouri

1 University of North Dakota Grand Forks North Dakota
1 University of Oklahoma Norman Oklahoma

1 University of Wisconsin-Madison Madison Wisconsin

1 William & Mary Williamsburg Virginia

1 Yale University New Haven Connecticut
1 Yankton Rural Area Health Education Center Yankton South Dakota
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Table 5 - Scholarly Output and Citation Metrics of DeepSeek Teams

University

HIA

Stanford University
Human-Centered
Artificial Intelligence

White Paper
Update: DeepSeek Al and
the Great Talent Competition

Works Count Average 59.99 76.68 131.40
Median 23.50 56.00 78.00
Citation Count Average 1763.85 2470.65 4108.50
Median 681.00 1200.00 1452.00
h-Index Average 12.46 17.00 21.26
Median 8.00 12.00 10.49
i10-Index Average 22.55 33.84 2319
Median 7.00 16.00 16.50
Uniqgue Country Affiliations Average 177 2.00 2.76
Median 1.00 2.00 2.00
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Appendix C - List of Key Team
Researchers, 2026

The core contributor list holds at 31 names, though the composition has shifted slightly from our last publication. Fuli
Luo and Yanhong Xu, who appeared in the previous list, have been removed: Yanhong Xu was absent from paper 3,
thus appearing on only six of the seven papers analyzed, while Fuli Luo appeared on only five, missing Papers 6 and 7.
This is consistent with Fuli Luo being listed as departed in Paper 5.

Runxin Xu and Yukun Li replace them. Both appeared across all seven papers, but because their names were recorded
under initials in some papers — R. X. Xu and Y. K. Li — we did not match those entries to their full-name profiles,

and they were therefore excluded from the original count of ‘Key Team’ researchers.

1. Bingxuan Wang 12. Junxiao Song 23. Xiao Bi

2. Chenggang Zhao 13. Kai Dong 24. Xin Xie

3. Chenggqi Deng 14. Kang Guan 25. Yaohui Wang
4. Chong Ruan 15. Liyue Zhang 26. Yishi Piao

5. Damai Dai 16. Peiyi Wang 27. Yukun Li

6. Daya Guo 17. Qihao Zhu 28. Yuxiang You
7. Dejian Yang 18. Qiushi Du 29. Zhenda Xie
8. Deli Chen 19. Runxin Xu 30. Zhewen Hao
9. Hanwei Xu 20. Shirong Ma 31. Zhihong Shao
10. Huazuo Gao 21. Wenfeng Liang

11. Jiashi Li 22. Wenjun Gao
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BHEH

8 DeepSeek Al
SATXEFH

2026568

Amy Zegart 5 Emerson Johnston

fE&E =T

Emerson Johnston, HBHEFARFIIABERINESSSINARENIE, BHEEAFES STEREER
mt, FItKFEZESTREZT,

Amy Zegart, #AfEIFZIATMorris Arnold55Nona Jean CoxaRIARR, tAfERARBEEINRSE
FE, HBEAZUAARAFRRSRARRREIEE.

5|FEt&=: Emerson Johnston and Amy Zegart, "Update: DeepSeek Al and the Great Talent
Competition," Technology Policy Accelerator, Hoover Institution and the Stanford Institute for
Human-Centered Artificial Intelligence, June 2026. https://doi.org/10.64576/0626
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20255F1H, DeepSeek AIKFR1IIEI, &R —MNAEETOpenAl olitEERIFISLIEZKF
AORE, SFARERRIRAMIREES. SRR XXTELTNREETREE L. F=t)
HHPEHARAR, BMRER: AREFREE, EtEIRFIREEREZ Z5(1A. i)
20255 YIRS (REEMDeepSeek  AINAA REXSEECIFAIRIE) F, WHIFZAThREE
e AI223BARA R T TIRAT R, KIMHIEREATRE.

HAIRI, DeepSeekiEZNEZEHEHMSLSLIN 7 EIFT, HARBEMNZTLLASHATUVERIFE
; B —FHEARRMREERFET/F, XEAMHERER: FEERRAIAZ EFEENRE
K. ENER, TEERNEFATER. XERIERE, HUEE" PERS B EEksEE

TR AT BHARR "X—RiRZ LRIEESE, BESMLERTI.

FAISITRIBEREINE . EEWERIRMIRS|. XEHEBEERINAAT, FiEE S EEAK-1

REFHEFTHISTEMEE, RBEEALTEEN,

MRERT: §E—FK, BRRETZLO%TM. BISoITeENDRT RELRIEX—RAD
eepSeek V3.2 (20255128) #V4 (20265F48) , LABEZABIRMATAR. BT RIRIGE
B, EEIEM223 AIBE356 A, HXIHEAP282 AR TIBIFERF, EENLIFITTEEER

FEIERAIAZA EE&kAEE

- EHICRAGRIAETEF, REXSHPENIEEXRERIDeepSeek AIFFRARELAI/53.5%.,

« S1EZOBERR (RIS ERFERRNEEtRDeepSeek A BIBEZRARAR) F
. BI0ARHXEFENEEXREK. XEWE, EX B~ H50penAl o 1= HEERZAIH
ERERER T, A=52Z —HORBE ANREERRARIMERERS) 5. KRIEENEL
1E.

"o JEXABEIRFEH S5 0penAl o 1R 5B Z PP ERRERIZIRAR,
Y= 2Z2—HRROREEMNREEIFRRARMERIEZ G, ZRIEXK
MEIE. "

HEESEEERNEIRE R 7 EIKREESIIFER, TRRAZ AR

EEF, 63 3%HEEXRBKARARNE—FEEZD., X—HFUCKEE35%, 1T (48.8%) &
FRE2EAFEXE), X—HERERR T #iEDeepSeek AARIMARL, NI T HA IS REAFISHRAIZ
. [ESEERIE, FOMBETRIEX (20265F) MI41EFIEREE, RGNS 52025F=218X
M9223 AR EFRmaIERIBHAR. b, OpenAlexdUMBEELEEET, AEAIEFEIRAIER
DIHFRARKNIE T WRIEHEE T AR RAIEEERICR.
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TARARSHHESIELERGHIESR, FIEEENRRNE, MErERRIEFRIRERA
. BEE70.2%MERRREIDeepSeek R E EEE]TR.

s FEREEEBNEHATRESHEER, AIEETN1IB3EKPBERRTAR, EEENGE
BItEICRNEREE 1195, BEFASHANEEMETE.

« REVBERKPBEARARTEIARZKREZEIGE, BMb(IFIEEREREZER. FBSFERE
RE], SChrE, IESFEERT SRERES.

« 80B SEENWIEEAXEAIDeepSeek AARAR, FHIMEREMARAREBHRPZ AR
R, HPES—So AEERGYEZE, SEEEVSRERARESREKATE.,

"..... FEEIREEIEEE R AR ET XS AN EFFEHRIAnRE
REE. SWER, SREESHBIESEAPEAIR;EEIHFRE]
;EO "

X—aX, FFTRESATRR, ERXEHRARIBIIANR, TRBIEIESIEBREHN
ERIRER. PRERFENERBR—FMAARE, BEFREATE. TEEREEEEESH
TRBZTAKZEERERZHARTRENIE. SIWERN, SRfEEZ BRI TanGHY
FREAIRAGRF], 20265 RIERBREMRE, EEIERNEIGXFMRE,
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HRGiE
SELDARCHTIBEENERRS. 852, BEiTRBI T DeepSeektmIEXAARE TRZRME, iR
SEiERarXiv (2024-2025%) #IHugging Face (2026£E48) .

356BBRFES, 282 AEOpenAlexhEH] AiE—=R(1F20265F 4B &R THARICR. 5l
PR RAIRELRSE, IBIZE1989F (1ZFEROpenAlex3IAATUHTHARARIIHE ] AXKEKICHE
NERESER) . BE, HIIBPythonLFHIEUMRARNTENMEBE, LIBEREERENHILE.
EERIn TRt ZeXFrEERRMEARNE, MROITECERETF AR IZEAFIIKR. i
A, WHERCEEERETHRREAS, FEETFRIFAEREFMEDHT.
EXDREERBICXY, "$iEiNE". "B5 e R EHHREN, REETWIAET
RIEXTFEBAATZZNSHARAREHR, EAXSEENEXF, FIEEBRMEIIBEAN.
FZICNFTEITE (BEFHBRRAMENSIT) WMRBE.
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BIPAMIREEX, SHEA%E

TRICXHIRBIH356BARETERME, L ORSIRBIIN223AGFMEN. E—FRIEK57%
, EBNHEMSMETM, B TELERIERNTMSEAFEREE: IhRIEIRELIRERE
, ARARISEIEN, ERBICXUE14NBRISE141 25 BiE. FEISIRAZA33A (56
RIEMBA, HTRIOA, EREPFTHIMNFESR) , XSIREDeepSeekEiik—R2MRAR, B
S5 HEIEHA.

HAFRER, 31BARAR (BETI%) &5T7£HLREN, BAFRZA OB 5847
BIFEHIE/NRIENH, 17TAHIERR, 41AHIENR, SAHIE=R, 79IALIERR,
136 AMREIE—RE (WE) .

El1: DeepSeekiCXHIHEEHS T
3562 RME T LR iDeepSeek ARSI HHIWEE SFRIER

1% 136 38.20%
2 79 22.19%
3% 5 1.40%
] 41 11.52%
5 17 4.78%
6/ 47 13.20%
OB (77) 31 8.71%
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20256 HI2026FX—HFEFUASHIREHFE, 1877 DeepSeek BEMRSHNAIRIAS. BER
BERETRR: 2158WRAR ((WERE=HZT) RUINE—EHMeTH. FaRUmNE
. BT MR AREESESS, TREERENLE ST, X—E= SIS
NS BNENBERRAHTIRANANCRENRE, SRS SHERBIRERL
. ST AERMZOENATE EXERE BTSN, 2158 EMeRMERTE N, =5
FiEXRRARE, ERRAREREER.

ERASMEEIEIR—E: OB (S52E0Y) | PR (S5ETF—HESTLE) b
RARSS—RIEAE, 2025FF202651E, HOEINEETIRE HER31ATE, BERIHA
M13.9%MZ8.7%, HIEEMICIABEIBIA, —EEMIAMEII6A, AR, HHHE
LAY 0. 3% BEFH238.2%,

El2: DeepSeek AR ARIEE ST, 2025-20265F

BOERA (28R18X) 31A (13.90%) 31A (8.71%)
FEE (ZF1H, DFLE) 169A (75.78%) 189A (53.09%)
R—REkE 23N (10.31%) 136.A (38.20%)

FE1MNBFIEARARTR, TIAEA—EXTHENT, BINOAERHANFEE (RRSHIESRO6
MB7RIEXF) . XFKBADeepSeekftid E—FHIHEHIERERN: ATRNERKTERBRIRR

BE—N, MRRER MRISAEARZE,

EE—MEEXREAINE: AS3RARARBIVESL. 2. 4. 5. 6/I7/mIEXH, (NEREH3R (VC

oder 2) . £ES52HLRAIBIA, XRPFBIBKIET XEEREFARNERTEEENE
BN, 5VCoder 218X FIEMVEREFIAMNEREEIEVE.
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FEREMNAIAZEE—FZE

BAVRI A H1TiREE201 B BB BRKEKEUERIDeepSeekiEE. FMEUBEEOITEEY BE27151
BYIREKCRANEE (H3561FET) .

EERIRORIURARN. . PERE—FEH BT ANERAIATEE. KE+E——>53.5%,
BN452(FE—ERICRAVBRIAEEPIREZNSTETWIERER, NREFELIMBERSZEFEA
B, (NBSETRIEDHTRRI55.2%. BAITBRXEI, JIFAEDeepSeekiiRAR (£ REGRSE
F597%) EVEE—RPENTIIEHEIARIRKEL.

SEENWIBHIXREEWEE LIt BRT LTt SRiEA$TH29.5% (n=80) BSEEHMERER
, BT RIEDHTPRI24.4%.

BRIFRBRENINES—FRIAZHER (RE3) . E2712BEFMXREKANEES, 229A (84.5%
) BEISTETHEXRER, 18A (6.64%) BRFEEENIY. HRoHhERE. FEGS. BA. #
DR DEIEBEZR, 19RERIT 1.5%.

El3: HRIHEXERRYIEIN S
271 ZEBXEEUE I DeepSeek AT A RERFIKEXIID TR IER

FE 229 84.50%
ESE 18 6.64%
=E 4 1.48%
FEES 3 1.11%
=[N 3 1.11%
FTOM 2 0.74%
= 2 0.74%
nExX 2 0.74%
TRAFIE 2 0.74%
=] 1 0.37%
Pl eV = 1 0.37%
BIR= 1 0.37%
ENE 1 0.37%
FEES 1 0.37%
»= 1 0.37%
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=1 HARARBHFEAER

ESFHIRETRNMNBEFARARE, 69AGTHETHOpenAlextlize, 68 AEXEXEEE, H
18A (26%) BEEENEEIEIMEREK. X—HSEEMFEIRR29%EAHE, FKADeepSe
ekEHRRSHARL RIIREE S E Mitfin TEXERERIARAR. 18BARARSHT3
TRREENE (WR1)

TREBEAFNERFIAZAREZPOSEE—BHTEE. R1FAEEATIEEHERS
—EﬁﬁAJ\E’JHF\JL*ﬁ,ﬁo EFETXERARARESTUIEERK: —SfRaEENSEZRE
IERAMEHRIA/N\E, B—REATRIBETAZEENF, B —RENMBIITHEEREH
R, XESRRFARRIIZE—ARARKERERN, MIFRSEDeepSeekBIFARAR
BEAZTEEE

F*®1: Hi—iltDeepSeek AITAZEA = EFE/ TIERIEENE (5853)

TREMEXRF EEEEm
2 AT A PR EF O (T T EEEm
1 BAKRE T EEEE
1 #EZpR EEE EEEN
1 WERLABSI TN EER EEE EEEm
1 HriBEAE EEE EEEEN
1 REE T T EEER
1 TN BRI EEE EEEEE
1 TSI ST 5138 EEE EEEER
1 BEYERBIIARE T EEEEN
1 Jil==y EEE EEER
1 FBERIIET AZ EEEEN EEEN
1 Sy - T EEER
1 BN EEE EEEEN

E RRERIRERG.,
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fats vae A rA
EHRA T EBRLIFRRE

E80R SEENMIBIHTXRERAIDeepSeekiiFAR T, SRIGDHTELL, SRAEIELIERHEDE
£ (WE4) . ZFREESICRER, 49BKEXRFARARTECI IR NE—FEELR. Ef
FEHUESEF, 1HRLLAIIEZE35% (n=28) , IT¥E—A48.8% (n=39) —IMEEFE2EIFX
B, 16.3% (n=13) EXENMEERFLLE,

X—HEREIE T EFEEEAT RMARTEAIRFTAR i "B9# . E£DeepSeektks|B&RE
RosEiE S, BRSSO AEEEESTER. EEBEMAIE. JWMEImsS, EENRE—11
=, BHEBNEFRENERSES.

13RKEBEEARART, BEEENIEETFAAMHESH. KISEEREEERZEAE, B2
B8FEEWMIXRENCR, BRIVSIAIL30,0000R, FFERAY51,823)R5|FFN11 289HISEUESREXREASY

S|IRRES GIEAKILAIRIDE, B=XEXEFEERL125, BriEREENYLAE. B—F

H, FERRENHRISYIZHEER. BrRIEASE. REETFEEk. N#HEFFFAINMAFZEHIT
HoREN T 185, REIFTESBEERKE,

B4: EEEZHEHS

80% S=EIIBXEXAIDeepSeekifi ARHISEEL IS

15 28 35.0%
2-44 39 48.8%
5L E 13 16.3%

BEEIENE, EX1BRIRVEESRAEZY, EFE(iRkDO2MHERRNGERREIFS
. BAFBIAZRTALE—IRERED. REVCRBEEENG, BRERE, BEI3GE, &2Z0
EhE. ERENCRESEEENTEEBZ AFEEATIRE, HERBEHEAFEE. 5KBUM
Indies, MEEETIEZEREE, WX—EHANS, EENWIRATRFEAEERWVEEZH,
MAF—RMRIRBIIEZ R, ARMNEEEEIEER]: 13 APBESARLEERTE, (NSABMEE
E, BERZKBIKHABSETINZER —KISER28 FFERIBIASFERLETEE, FVAERY18
FHKEFRINFEPE L TFHE.

El5: XEREE

802 SEEHMIERELAIDeepSeekifirs A RAVTSEE R FEUR

AFHE, EFRE (BHEE) 31 (38.8%)
AF=E, IEFHE 19 (23.8%)
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NE=EBXE 7 (8.8%)

W FhE, IEFEE 10 (12.5%)
AFEE, LEFEE 5 (6.3%)
WFHE, EFE JEE) 4 (5.0%)
wF s, LEFHE 3 (3.8%)
B FEE, LTS 3EH) 1 (1.3%)
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H6: BSEEE
271 B B R BREUEIDeepSeekHFL A RIS R TEEUE

REHEBGXE 145 (53.5%)
AFHE, IEFHE (ZHERFRE) 53 (19.6%)
B =E, IEFHE 19 (7.0%)
wF=EE, IEFEE 13 (4.8%)
AFHE, IEFEE 10 (3.7%)
wF s, LEFHE 20 (7.4%)
RE=EEXE 5 (1.8%)
aFHE, IEFigsh 3 (1.1%)
1R5igsh (AFIEE) BXEX 2 (0.7%)
ATFEE, EF8s 3E) 1 (0.4%)

EREXFE R TEAZT R BB NEERIHC DB EME R —B NANEFIEIER
REERAHOEHEI RSB, —Fa1, HANSSEENEEIAI PR, BN ARIRE
REEMNRN. RERMTPEAILESREFRIRAT. 2026FEcBAVBIRER TIX—HI1T.
HBoXEEBNEEEETRLE, S5"R"EAER. (BES Mo EERELEAILEICRE
K—AKXTFEEEX, BRRERAREEEREERT ME. XEELTHEN" AZEIR
Res", MAERAN" AZ B . ASIEETFHN13EKPBERRAR, EEETWSITEICRIN
BB 1195, HPASHAIMEEEFTE.

"FEIEEPI13BRKBEEMRRTAR, EXRENESITRICRIIEIE
1195, HRXSHABREEEHRE. "



http://ipoipo.cn/

BE$H
E#i: DeepSeek AISAZAZSH

Itehh, EEEE2SBRWATERREEERNARART, 19A (76%) REEMPE, 1AEME
fitigINEX, NEEEETERERARE T/ \FRRZEERNKMEERARAR, SHRARAR
AIEIREAAES, XEWEEKAEEIAF AT RESIEER, FREEEN18F5XE
PREV=%F, EBLAEIZIPESE,

X—HEENMOLBTERES T ECHARAR, BRAPEMINM ESE"TIPLBEEER) (
BRKEATEUL) BARAR—AIRERETEEEERRERRRBENTE. ABKSER

HASXREXRE St

¥ REUEE 2822 EENIERASEI S N 81250 M, STFERFM499%K. FENIEGH570,
B070.2%, BRIET AT HRI74%, EENMIS1135K (13.9%) . HR129XHHTHRE. B
FIE, FEEE. IZEX. BASEH,

PERFERARENESTBER . PRREERK T 2822(FEHRI4A, BE170RMBHIE—
— ke, SEREMEUHL, OpenAlexiSRIAEAFRIEHN TRAR—HS51042HRARE
KEX, AGEHIEENAI37%, X—HFER—FRIS3ARERE, EHEEPHITMFEEER
PR

PRIBARZSN, SEFRXIUEIEESEINEH (WR2) . BEAFLM6BEXREHRARES
. MT6ABRTFH, 1BIEIA200%, RIFE, JEERAZFM2TIAIBZE29A, T KFMSAEZE25A, FER
FHRAFENTABZ2TA,

2025F TG URI LA UBINS B BINE: FREAFMNTBREKARARIEE15%2, LM
RAFEMIABETAN, =MAFEMNOAEBETOA, FILXZFE (FE) f5 MERAKZZNIAEET
OA. PEUWIHIIRMEZES: PLURKFENTOARFEEIN, EFAZMTAREAN, REXPLLTRE
AJRERT OpenAlexxdt R EXE SRR M ERVEHTIES .

R2: BARARHSHIFINTRENE, 202585202657t
T T
) 53 104 +51

FEMFR (KR

BERE 16 46 +30
HNIRE 8 25 +17
PEMERAE 7 21 +14
RPN 1 15 +14
LM 3 14 +11
=INRE 0 10 +10
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TR (PE) 1 10 +9

TR 1 10 +9
Jemoks 21 29 +8
RERAS 10 16 +6
Lo 5 11 +6
FARRERE 4 10 +6
s 8 13 .5
RIFAS 7 = I
FRURE 10 4 -6
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"MBANT " WNE—FZRF

—5FRl, ERfEIA9DeepSeek RMEERIAINKE TN ALK EZRIN/EE L. DeepSeek CEO
RVIEBFOXEGR, EREFICERDNRT, RORARRMAZHTFRE—EMFRIRRARE
£, DeepSeek{tinEHEEE"MESFL " MIERR.

BAVRAD IR TR, 1A DeepSeekiz OB FIBAHERS IF1,554%, higg+
(10— XBIFRHLENER., —FF, HFH—LETIX—73MHE,

ELEMES R, FEISIRARENLT,0000RFE1,763R, PREENHE—S, M249XFHE681)K—
—IXEHREE N A LS, mAENERRAL. 10588 (FHEEHE IRED10RINEHE)
TN /IE: FEMNRGEB19F-E22.55, PENSFHET., MEEEMIBERE, FEM10.
8FE12.46, FRIEIMNTHZES.

ZOBIANAHER SN ENEE. 31REEIIETII5IM2,4700%, BF—5FRiR91,554%, 1HEIE59%

o SIAHRIEZIMAT700RFHZEET,2000K, FIhIEEIMNT13.5FZF17, higgHAEUN10ZE12, i1048

HIEILT33.84, X—EKFHREATERE LiRFDeepSeekiC M AS: R1, V3FIV2H LRHOITLAES
BRETHTREIA, MzOENREEBEXINESE. NXMNEN B, XETtEFNEHVEEHEZ
TuiE IRz DeepSeek 20255 HIRER—MET.

¥ REURSERER IR LRI A B oA — MR TEIR SN . 80RBEXENEEHEE
MBEXEHIDeepSeekiEE ., HIIFIIAFRI31RIER, #5IF4,108%, higghn21.26—EdsE
MEE S | OB, B OEARIKFE. SIBPAE1,452)%, me/EEith/n681R
. NBIUEIRRE, XEBEF AN RSAIBHE,

S52KMRAISSINERIEITEHAMELL, XFMABEARE. WR—EELR=RSITEDR, OpenAl
HI894 R EE A5 |IFIREN92,481.5)R, (BHAENNA100.5k, FRIEES I MRZIMFERERT
Bk, HEoh, IZEHANMEEIPAEZER2 (BRENDXREN6ERTTRE) | 1088 AEEE, <k
HOpenAIINH—EMRAEIR, X—ERTEAnthropickIAlphabet@ERFE, &S |IBEHAESD
AN BB IBIERI15%F120%, DeepSeek7935%.

TERKA20255 8 (REBEMN) REF, FHAEDeepSeekINmiITEFLUREAN: SEERITHELL
By, MYOHREAVIRKBRED, —FF, X—EANEEMEED. ROBARSEETWEE
KEXHIEE BHAIIMRIARRIL,
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I BIPA B ET

EXRFRRED, FITRANERT DeepSeekiTizLEIN—FBR3 122 FHIEE R RERIE +
RUFARAR. SEXJOpenAlextYEINZEI 7 ETEATEE, 82 7 RIGHEFHN=ER: R
FRFFEEHHEEEBARECNF, ERTHOIEXBEEICREYS (95179R. X, XufY. K. Li)
, REESEBEELE, Bk, IFRAEXFHRIIAZER, (B EREIERIRIENF, SREL
ARRGT AR RRE R R, SX=LEIE, 2025F%0BBANI32A, THE31TA.

BoiERE RIS EROENRBHE—PW R, SEFESSRIC/EEDeepSeek, R
ESE6MIE TR, (E025F£IEICHURLD—A. Hlt, 2026FOBIERHE3TA, EXINEF
BRENERZREGMEN. 202652 0EEH tRIEMAITTERBIMRC,

312 RS, OpenAlex/sEA 28 NiREl T XEAEIE. 18 AEBICRAVIRWAEEFEES
ELSMBETZED—PER, XE®RE102ZO0EBAMARAR (£89536%) NKREFHE.

18R EBERANEHIOEANRS, 1TABEEENEE, EXSHNEE—RE. B
RERSIRAFEENF, RRREEFBENERKN, RESERAEEEAFEE—F, §HRX
ESHELLIT AR EEME, REMERZENIAZEE—F, HeLCHmEERETZREE. L
, REHFARA RIS ET m—ERW R AT AFBRIEE S I ER—— B AnaF E S LfaEds, M
IFAUKE, XEEHIIERIRTEREAFME R ERIEMS.

tRAEEXRKER RN OB RE T AR AR AR RE 5 5N — e E
RETET=F, BEEPILRE; BRNEEMKARRIDES#BEE—F, SIETE. 1=K,
BAMFIS=2akie, BRERARHMER, SXEEHINK. AZMPESFBRIXE,

GEFRE, XEHITEIERRER, X—MINERZHEES. Bitxdtt, BIVFE—AIsMELAEE]
PESL. AX—ERT, XEEREETIRZ—, MER—UEEHRARMS, XS
MERARBRENE D BB AERAKRFE TR, OBARALEMIE: —MEREREINBEREEE
RENENHFRE, MiFEIEE.
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BE$H
E#i: DeepSeek AISAZAZSH

\3 H Sl §
ANAZEDRR, —iABERAHS
48T, BfHEDeepSeck ALAZHIHSTIARIAL— B DERF : EETHEEREIEK
RN S, BHEHSIEED, EERGRRMENAT I, T,

Phik—: BERRAZ

SR EEERRETERAAS, SITEEHIB0EHRAR, EDeepSeeklEE it A
SEEHR, F1I5IM4,108%, MEEREAR16.5, (BEPASHATIESERE, BOFMT
SHENRRERUSE—TE; ZOBAMISS BRSEEENaUKES, SHEBiTtE,
AL AELY, (SRR,

Hi—: REIAIA A HRuHERY B #8307

BT AYREEAIA A B BT, 312 ROENRR 10 NS EHEERELSMOE
SEEE EREMEEED, 145BHRAR (53.5%) WRERELYMIR, REHRARA—AE
BRI 5 0penAl ol MEIEAAOISAYE T 3RMt, (i DOATEEERESIE), SE7EEE
WBETIE, BEENEENMEELY,

EUEBERAIBER AT LANI SE— bk, (EMNRRESEERIARAR, AMEEHAIXTHREANRILIHRE
BEzA. —IBNRETREATFPEATREAE THBERAE, TEBRTEBZITANERAZ
ERIVEETN

REFEASEEETE, EMETEZEFTRRN, fEDeepSeekfhiEHHHIEERIKAIAR
B, 703%EfFRaIEREENTE. EESRBRGX—HFIUABRENNSRE, MIFTEZYE
B. GFHE BIRSINAHES, DRRZIHBINKEBREIESTEMIR A RBEEEMIFR
ESE—XEEEAT BRI KBANERD, BISaILARR,

BAIANRZRFEARARBFEEZE A IEEF. T2 ATRERRANEAET: EEEIEHK
REBTREBIETEN. frsBERFHEMIEN. —BSPEARARSKBBRIWEE R, "T85
FESFHIADERE, HEISAEEHE, MXFMNMIREEK, SRR, 2pH-1BERIEHIE105
EEA, UREFINEMaSHaEEHHSIE, BiETEMNEE TR T MERARR.

EERRFRNEFHMES—EERR. +5F81, BEMNERNIRFERRARILFREEE
THEZIMYRI{SIERE, DeepSeek#HIERBX—BHEENE: HIARKREIESER. FIMKEILK
FHCHKRF b, CSHMERARETEENRIBRI T,

PEH I RRNERAIAZ RN EENT, ARBEHFERT102OEMMAER, ERBEHIE

ELBIIERT, NENoREEH T 2SRRI E 1458 58E. ERPETEM
A EEEHX—KENARAR, UREEK-12NESHEEIT SR Z R EMSTEMURFEELD
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AEEEARESTIEZRTH, B— 1 EREAIAE.

—&FAl, DeepSeekRUFARAIHNERBIASMEEEEAIAZ TTHERFARTMBRIRIZ. 20265547
HIEESER: EERH—XRELTANFEAISGGNS, ERESHEIRIAEERTRELZREET
HEREE B LRI RS

XEARTE A AR BEE R B ST BCRIARAIER MRS, [EEABREERDRIPRKAMRIIAZ
1%, MECESESEREANEE TEF RS XERERBEERFIWIRItRN BN AT
BERARA, MABERIANEE, FARTEEREERNARI/AFEENMIFEEIME.
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BE$H
E#i: DeepSeek AISAZAZSH

ffi3*A: DeepSeekiff5ie3 (2024-2026%F)

LA FthsHDeepSeek
AIF2024F1BE2026F4B &R, MR T ARNHEREX A EEHIT D HrHIE :

1. DeepSeek LLM: LMRHEIENI BRAFESIRE

arXiv:2401.02954 — 2024414
WE: FRARESHEE (LLM) NRERARERSAIER, BREGlF ANy REREMHARRLE
1€, ALLMBSY BRLEBR. ASCRNARY BER, FEURNERMERNFHRECE (7BF167B)
™MEHANUEREY RAYSRIL. LY BERNIES], EEHDeepSeek LLM, BUAOFLAMKITARY
EHFRESRERRE. AXIFUIGMER, IR T BRISaMAIZ/MATEREY ERISUES,
FH¥iDeepSeek LLMERMERNHT T IWEROA (SFT) FIERERIFIL (DPO) , FkiDeepSeek
Chatt&8Y, TR ER, DeepSeek LLM 67BESIEENIKFiE#LIama-2
70B, JUHAEMRL. #HFIIERMuUERMSH. Wb, FrEliFlzRE, DeepSeek LLM 67B
Chat#Et48E LI FGPT-3.5,

2. DeepSeek-V2: —4\gX. ZEFftHRHNESERIESIRE

arXiv:2405.04434 — 2024458
BWE: AXNHEDeepSeek-V2, —PMLUEFHIGMSIHEENMTRIIBARSERIESEE. ©HH2
36012241, BMATTENE210(2541, XFF128KIATHI L FXIKE., DeepSeek-V2RAZLEEER
71 (MLA) #iDeepSeekMoEZERIFZEM, MLABITKHEE (KV) EEFEFEEEBEERE, BERET
EXUHEE; DeepSeekMoEMIBEHERITE, LI T LARSFAANIGEARREL, SDeepSeek 67B1ELL
. DeepSeek-V2HBERERTT, BERTET42.5%HNIGMA, KVEFMLDI3.3%, ERAEREIHLE
IRFTZES. 7608, THNLERKE, BMENENE210{2248), DeepSeek-V2REIHERAMBEFFFEE HIX
EIFEN e

3. DeepSeek-Coder-V2: SER{LEE sedRi iR EIRYER 22

arXiv:2406.11931 — 2024263
RE: AXNBDeepSeek-Coder-V2, —NERBRIEIES LIXZIGPTA-Turbo/K R RESEZR
REBiE=1EE, BiRisS, DeepSeek-Coder-V2p\DeepSeek-V2irhiaiaE mitA, NG T6
B1ZANAETT, KiEiEsE T DeepSeek-V2HRIEFISFHEIERESD, RANEERESES LERF7HEEN
tae. FEAVEEETNAF, DeepSeek-Coder-V2EimiZfNEiFEE LAIMEELTFGPT4-Turbo, Claud
e 3 Opus#1Gemini 1.5 ProZAiRtEay,

4. DeepSeek-V3EARIRE
arXiv:2412.19437 — 20244E128
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http://ipoipo.cn/

HE: A r4ADeepSeek-V3, —MNAB6710{Z2HRIBENEEERESHE, BMATAE370Z
£4). DeepSeek-V3ZSCIRHTTHEMRANREITE RIS, FiRES AU IZ4BRLUEF E8E.
BAMER14.8 {2 ERESHRTTHMAYENESE L3dDeepSeek- V31T I14x. REMREREH, Dee
pSeek-V3L2&Ei)lZ{XFE277.8J75H800 GPU/NEY, JIIGT RS ERTE.

5. DeepSeek-R1: iEidiE S SEILLMASIEIEEE

arXiv:2501.12948 — 2025518
BE: AXNBRIE—HIRERDeepSeek-R1-ZerofIDeepSeek-R1, DeepSeek-R1-Zero2
N EERENERESE. B AMEERCESIGEE, EIHSMAHEIEEE]. DeepSeek-R
1EHEER(ESS EIXEIS0penAl o1184A9M4EE. AXFEHARMKX, FAIFFE T DeepSeek-R1-Zero, De
epSeek-R1, LA MDeepSeek-R1ZEIBRI/NMNEREEEL (1.5B, 7B, 8B. 14B. 32B. 70B) .

6. DeepSeek-V3.2: HIAMABIESIEBRIENR

arXivi2512.02556 — 20254E123
WE: AXNBDeepSeek-V3.2, —MNEEITEMES SMEIEfNSE A AR SHIEEL, XERA
RAREFE: DeepSeekiGEuERS] (DSA) #Hl. A ERAFEINER (MEERISGPT-518EE, &8
11Z={RDeepSeek-V3.2-SpecialefE2025 F FH Rl F R e EfME B F BRIL 5 HIYES & KRR
M) . URKHUEESMES SR EE,

7. DeepSeek-V4: iBEEHERAT L TXERE

HiE — 20265F4H
HE: AN/ r48DeepSeek-VARFIFEhHR, BEDeepSeek-V4-Pro (1.675125%8, #iE490{Z2) #ID
eepSeek-V4-Flash (2840122%, #iE13012) , HW3F1005ATAI L TOKE, E1005E7TET
NigEH, DeepSeek-V4-ProfiFEDeepSeek-V3. 28215 THERFLOPSHI27%F110%AIKVETE, <L
FESERAITH,
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BE$H
E#i: DeepSeek AISAZAZSH

BIRB: MIDNZRES

£3: (FERESREETE

ERAINDT, REETHEESREXHNEERFE. AROITEEERET A IIZEA
PHIRR. EUEINE. ASHMEUREESHPR, REETIAKAIseER I maEdERRE
RFEERE, BAERRSITBIRNARARBSEER. TRER 7 SURIEXXHHFEZInERIEE
RE. IEXEBXDORBMERR, LR (MKS) HPHAADHTIIAL.

TRICHIRBIH 3562 MIFEE, HP282 ABO0penAlextiErIH N, 75BKBITIEE—EE
R T ST NI A ——Zie X TF20265F4 B haIA R, EERiEOpenAlexitR: EHH66
MNMUHIESE TR, 6 AMXHIMESRMNFERF. BINRA (BEENSER) ERIINERoHEEE
RBERENT.

o e e e

53: HUEIRE(36). GRL(7). A55(8). ’it

LLM 86 - ZIRA(2) -
V2 107 - 51: HIEREG2). BHAGH(19) -
VCoder 2 39 4 - -
V3 150 - 49: HARIRERT). BHEIEH(18) 10
R1 196 18 - 5
V3.2 212 . 51: HIEFRERT7). BEIE(24) 8
V4 270 ] 48: BHIAM(48) 10

#Fz4:. EDeepSeekiffi ARBEXERAIEENE (EB5)
LA 79113FDeepSeekFEBHMES 2 BXRHAEENME (K. ARG, EFyafinelimg) . frEsk
TRETOpenAlexEFaiEaY = aIKB 1A,

[z ESE))
5 et RE T (T
4 RREGERE 11 EmEEE
4 HriBfEAZ EEE EEEEE
4 HALIINIIKEF EEER m
3 BAKRE T EEEm
3 TR R TR Emm EmEm
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2 TN BRI EEE EEEEE
2 DIPNAF I EF 513 EEE EEEEE
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2 AERE* T m

2 EIIMNAE EEE EEEER
2 BEEIET S EEEEE EEEE

2 TR (35E) EEEE EEEEE
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BE$H
E#i: DeepSeek AISAZAZSH

#%5: DeepSeekZHIPAIIFEARF~H 55| BiEHR

¥l§l*ﬂ* (n=80
=00 FRE{ESE (n=282) %LBIPA (n=31)

EXHE (FHIE) 59.99 76.68 131.40
OMHE (PR 23.50 56.00 78.00
SIRRE (HYME) 1,763.85 2,470.65 4,108.50
SIFREL (hIE) 681.00 1,200.00 1,452.00
Hig%R (F1(E) 12.46 17.00 21.26
HigER (PRI 8.00 12.00 10.49
108881 (SFHME) 22.55 33.84 23.19
i10f548 (hAE) 7.00 16.00 16.50
ISEZRKERE (F39(E) 1.77 2.00 2.76
IRSEIZKRERE (PO 1.00 2.00 2.00
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BE$H
E#i: DeepSeek AISAZAZSH

BIRC: 2026F#Z L BIPAIIRA RBRE

OB RRYEFEIIA, BEDRAMEL, SBMAEERE. SEFMFIFERIN E—HS
Brhiighi: FEREIRHIES IR+, ENS5 T tRIEXTHIARE, SEFNE5THR
1BX, RES5HMFE R, SERGIABSEEREEWS.

RERAIZEEHERT DRRA. MABSE5T2EtRIEX, ERTRECNFESCRESS
(5338I79R. X. XuFQY. K.
Li) , FIREEBRLFESHERERLE, I IHABRERRAY 2 OB Tz 5t

1. E7K4F (Bingxuan Wang) 17. £33 (Qihao Zhu)

2. #XAEMI (Chenggang Zhao) 18. #FKEE (Qiushi Du)

3. XBRE (Chengqi Deng) 19. #&IERX (Runxin Xu)

4. Bu® (Chong Ruan) 20. 5iF5% (Shirong Ma)
5. &XE (Damai Dai) 21. 23IE (Wenfeng Liang)
6. A7 (Daya Guo) 22. &8 (Wenjun Gao)
7. 1781 (Dejian Yang) 23. E&5% (Xiao Bi)

8. f&1=E1E (Deli Chen) 24. 1§15 (Xin Xie)

9. N (Hanwei Xu) 25. T#E#E (Yaohui Wang)
10. B#4% (Huazuo Gao) 26. ¥p52HE (Yishi Piao)

11. Z2E{% (Jiashi Li) 27. Z=Fi# (Yukun Li)

12. RI8KE (Junxiao Song) 28. i (Yuxiang You)
13. &4 (Kai Dong) 29. BHRIX (Zhenda Xie)
14. &R (Kang Guan) 30. FEI (Zhewen Hao)
15. 5K3715% (Liyue Zhang) 31. BB&7% (Zhihong Shao)

16. Eila (Peiyi Wang)

A3/ (Update: DeepSeek Al and the Great Talent Competition) BEZBRIFICEREMRA, RIXHAMY
Zegart5Emerson

Johnstoni®5, R TFHAHARMTRARBERINES KATEEAFLAAAFAIRRE (20265E6H) ., JRDOIL:
https://doi.org/10.64576/0626
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